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Abstract

This study combines the quantitative tools of computational linguistics and the qualitative methods
of critical discourse analysis to examine the terms reform, corruption, and terrorism in Jordanian media
before, during, and after the Arab Spring. The study builds three sub-corpora representative of the three
periods under investigation: the pre-uprising corpus consists of 2059 news items from 2005 to 2009; the
during-uprising corpus includes 2957 news items from 2011 to 2012; and the post-uprising corpus has
2436 news items from 2016 to 2017. In data analysis, the study uses the tools provided by AntConc
software program to uncover the sociopolitical factors and challenges associated with reform, fighting
corruption, and countering terrorism in Jordan. The findings of the study reveal that local news stories
about terrorism, corruption, and reform differ significantly in terms of frequency and content in the pre-,
post-, and during-uprising periods. The study indicates that sociopolitical conditions influence news
coverage of the topics reform, corruption, and terrorism and that news articles are the medium where
social and political events are manifested.
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1. Introduction

Newspapers do not only account for facts and create a sense of the world around us, but they also
build social realities and influence people’s attitudes and actions (Yu et al. 2021, 1). Therefore, studying
news discourse is very crucial in order to understand how it may affect and reflect opinions or policies.
One of the most significant events, which has been widely addressed by the local and international media
and thus deserves our analysis is the Arab uprisings which started in Tunisia in December 2010 and
diminished by the mid-2012 (Berger et al. 2015).

The Arab uprisings, also known as ‘the Arab Spring’, refer to the revolutionary wave of
demonstrations and protests demanding Arab governments to reform and end corruption. Unfortunately,
these demonstrations were resisted by some Arab regimes, and violence occurred, including civil wars in

Syria among other countries (Aarts 2012). However, the situation in Jordan is different. Although no

© 2024 JIMLL Publishers/Yarmouk University. All Rights Reserved,
* Doi: https://doi.org/ 10.47012/jjmll.16.2.2
* Corresponding Author: majd@hu.edu.jo

291


https://en.wikipedia.org/wiki/Tunisia

Abushunar, Othman, Al-Shboul

violent protests happened in Jordan, the Jordanian government faced and is still facing a number of
challenges and obstacles relevant to the Arab Spring and its subsequent events.

The current study, thus, investigates the differences in media coverage of three important
sociopolitical issues (reform, combating terrorism, and ending corruption) before, during, and after the
uprisings. By doing so, this study aims at examining the impact of political and social conditions on
media coverage of the issues of reform, corruption, and terrorism. It also tries to explore the connection
between the media and political practices. This study utilizes the methods of critical discourse analysis
(CDA) and corpus linguistics to discuss the following research questions: Are there any changes in the
frequencies of the terms reform, corruption, and terrorism before, during, and after the Arab Spring? Are
the occurrences of the terms reform, corruption, and terrorism significant in a given period relative to the
other investigated periods? What are the most frequent attributes and events associated with the terms

reform, corruption, and terrorism in the Jordanian news discourse during the three analyzed periods?

1. 1. Corpus linguistics

Utilizing naturally occurring language data, corpus linguistics offers a quantitative approach to the
study of human language. It investigates linguistic phenomena by compiling a corpus of numerous
machine-readable samples of language and using specialized software programs to examine clusters,
concordances, frequencies, and collocates (Hunston 2002). The main goal of corpus linguistics is to build
balanced, systematic, and representative corpora (Hall et al. 2011; Stefanowitsch 2020). The corpus data
are gathered and arranged following particular standards associated with the observed language and the
people speaking it. Corpus linguistics offers several benefits, one of which is the ability to quickly and
accurately search for linguistic information that is hard to find through introspection. Furthermore, the
tools employed in corpus linguistics facilitate the testing of hypotheses and uncover hidden relations that
are challenging for humans to notice and validate (Mautner 2009). Because of these advantages, linguists
have employed corpus linguistics in the developmental research of language teaching, applied linguistics,
and machine translation. They have also integrated corpus linguistics with other areas of linguistics like

discourse analysis, semantics, and syntax to study various linguistic aspects (Hunston 2002, 13-14).

1.2 Critical discourse analysis

Critical discourse analysis (CDA) is a multidisciplinary approach which focuses on the relationship
between the discourse and sociopolitical notions as power, dominance, and inequality (Fairclough 1995).
Critical discourse analysts do not attempt to contribute to a particular discipline or some discourse theory,
but instead they are primly concerned with social and political issues, and thus they hope to understand
these issues through discourse analysis. As for the research methods of CDA, researchers do not generally
agree on one method to approach the sociopolitical discursive practices. Nevertheless, the majority of the
suggested proposals agree on a mutli-dimensional framework to analyze communicative events. For
instance, Fairclough (2003) proposes three levels for discourse analysis: the micro-level (the text or the

language produced in a discursive event), the meso-level (the discourse practice or its general use in

292



Reform, Fighting Corruption, and Countering Terrorism by the Jordanian media: A Corpus-Based
Analysis of the Jordanian Local News Avrticles
social events), and the macro-level (the discursive event as an instance of socio-cultural practice).
Nevertheless, CDA has been criticized for lacking a theory in context as well as the required empirical
tools (Weiss and Wodak, 2003). For example, CDA lacks the objective methods of selecting

representative texts as well as the statistical tools to analyze huge volumes of data.

2. Literature review

Recently, many scholars have brought qualitative and quantitative methods together in order to
approach media discourses. They often utilize corpus-based tools which provide a large number of natural
data and calculate linguistic patterns with CDA methods which examine sociopolitical factors and
underlying ideologies.

Crymble (2010) explores African migrants and the process of migration in South African
newspapers, namely the City Press, the Mail, the Guardian and the Sunday Times. The study establishes a
corpus consisting of 348062 words from 589 articles and uses the tools of computational linguistics
(frequency, concordance, and collocates) to reveal the characteristics associated with the migration of
African people between 2006 and 2010. In addition, the study employs a critical discourse analysis to
determine the ideologies, social implications, and underlying representations of African migration and
migrant communities. The study finds that despite their different political agendas, the three investigated
newspapers have the same underlying ideology towards African migrants: the three newspapers view
migrants as a burden on South African economy and resources. Thus, they consider migrants responsible
for the hardships suffered by South African citizens.

Almeida (2011) sheds light on U. S. newspaper coverage of the Israeli-Palestinian conflict over a
five-year period (from 2002 to 2006). The study collects a corpus of 250 news articles from six well-
known U. S. newspapers and conducts a critical discourse analysis to examine six aspects of the
discourse: direct quotes, indirect quotes, terms denoting violence, terms denoting negative emotions,
terms denoting conflict, and positive discourse. In the methods, the researcher uses the ATLAS.ti
program in order to code the news items according to the categories of the analyzed words and phrases.
Then, he carries out Chi-square tests on the frequency counts to determine significance and describe
discourse aspects and structures. The findings of the study state that U.S. news coverage of the Israeli—
Palestinian conflict is characterized by expressions of violence, conflict, and negative emotions.
Furthermore, Palestinians are more quoted in stories about suicide bombings rather than the Israeli
victims of the bombings. Finally, the study notes that the Israeli government is indirectly quoted far more
often than the Palestinian Authority, which may indicate that the U.S. press depends on the lIsraeli
government for information about events and persons.

Chen (2013) combines corpus linguistics and discourse analysis to study deontic modality in China
Daily which is an English-language newspaper owned by the Chinese government. This study attempts to
inspect how political figures use modal expressions to communicate power, obligation, and permission in
two different time periods. To conduct the study, Chen compiles two corpora of China Daily texts: the

first consists of 50 news articles written in 1988, while the second contains 50 news articles published in
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2010. Then, a frequency analysis is carried out in order to detect significant changes in the use of deontic
modal expressions. A qualitative textual analysis is conducted to interpret the observed changes in the use
of deontic modal language in the context of China’s social, political, and media culture. The analysis
detects a number of statistically significant changes in the type of modal expressions used by the China
Daily’s between 1998 and 2010. Particularly, the study notes that China Daily tends to moderate the
language of power associated with the governing elite, implying that Chinese leaderships are becoming
more concerned about how they are perceived by the international community.

Kim (2014) incorporates qualitative and quantitative analyses to investigate US news stories as an
attempt to identify the discursive practices associated with North Korea. The corpus used for analysis
consists of 69,000,175 words from texts that include the words ‘North Korea’ and which were published
in CNN, Newsweek and The New York Times between 1998 and 2010. As for the study analysis,
WordSmith software is utilized to navigate the collocational and recurrent patterns in the corpus, while
the critical discourse analysis approach is used to analyze the observed pattern in context. The findings of
the study show that US media associate North Korea with Iran, and to a lesser extent with Iraq and
Pakistan. In this view, US media divides the world into certain sets of countries based on the countries’
political position towards the USA rather than on any geographical or historical relations.

Haider (2017) compiles a corpus of 7 million words from two well-established newspapers (the
Guardian and the New York Times). The aim of the complied corpus is to investigate news themes
related to Libya and Qaddafi from 2009 to 2013. The study divides the corpus into pre-, during, and post-
uprising periods and conducts a frequency analysis to examine the top 25 words. The results of the study
indicate the discourse of war started to appear in 2011, and that the two newspapers exhibit different news
foci in the three analyzed periods. The observed themes in each newspaper do not only reflect the global
social and political environment, but also it is deeply influenced by the government’s agenda in the
country where the newspaper is located. The study concludes that that media is the arena where political
powers spread their attitudes and opinions.

Yu, Lu, and Hu (2021) employ corpus linguistics and critical discourse analysis to investigate the
news reports of different stages of the COVID-19 pandemic in China and the UK. The study builds two
corpora of China Daily (2,754,466 tokens) and the Guardian (26,761,888 tokens) and analyzes them using
AntConc software. The analysis indicates that China Daily described COVID-19 using objective and
neutral words and gave active attitudes to fight the pandemic. The Guardian, on the other hand, used
negative words to describe the pandemic and gave weak attitudes regarding policies of control and
prevention. Furthermore, both the Guardian and China Daily showed different discourse characteristics
before and after the lockdown. The study concludes that the differences in the discourse modes of the
media of Chinese and the UK reflect different methods when dealing with emergencies and ideological
differences between the two countries.

According to the previous scholarship, it seems that there is little corpus-based CDA research
employed to analyze Arabic texts. To the best of the researchers’ knowledge, there is no corpus-based

CDA study investigating Jordanian Arabic news to uncover sociopolitical practices.
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3. Methods

3.1 Collection of Corpora

The study builds three sub-corpora consisting of Arabic local news items published by Petra News
Agency. Petra News Agency was established in 1969 as an independent news agency linked to the
Ministry of Information. The news agency provides Arabic and English news items every day and
distributes them to local as well as international media. Therefore, the content of our corpus reflects what
has been published about Jordan in other Jordanian and international newspapers. Petra News Agency has
a news archive containing over a million news items divided into seven main categories based on the
content. These categories are local news items, Arab news items, economic news items, international
news items, sports news items, cultural news items, and provincial news items. The news archive also
includes a category of news items published in English. The analysis of this study, however, is limited to
the category of local news items which are not specific to a particular province (i.e., provincial news
items) or topic (i.e., cultural news items), nor do they provide news about other countries (i.e.,
international and Arab news items). Local news items most often provide coverage of sociopolitical
events in Jordan, which helps to examine the relationship between the media and politics.

The selected news texts are transformed into txt. files and categorized according to the year of
publication: before, after, and during the Arab Spring. The corpora of the pre- and post-uprisings exclude
articles published three years after the Arab Spring (2013, 2014, and 2015) and one year before the Arab
Spring (2010) to insure that there are no overlaps between the analyzed periods. In addition, the study
imposes no restrictions on the topics of the selected local news articles in order to reveal the significance
of the three investigated topics (reform, corruption, and terrorism).

Each corpus covers a specific time span that allows us to observe the changes in Jordanian policy
toward the terms reform, ending corruption, and fighting terrorism. The first corpus represents the pre-
uprising period (from 2005 to 2009) and consists of 443451 words collected from 2059 local news items.
The second corpus, on the other hand, consists of 549241 words from 2957 local news articles written
during the Arab Spring (from 2011 to April 2012). Lastly, the third corpus denotes the post-uprising
period (from 2016 to February 2017) and includes 479184 words from 2436 news texts.

3.2 Text analysis software

There are a number of applications for testing and analyzing electronic texts, such as AntConc,
WordSmith, NVivo, and MAXCDA. However, the majority of the available applications have problems
when analyzing Arabic texts. For example, AntConc, WordSmith, MAXCDA and NVivo do not

normalize the hamzzah /?/ (, , and ). For instance, the researchers are not able to search for the word
reform which has two forms >and ¢ > with a single search using the form * >. Furthermore,

WordSmith and NVivo do not display Arabic text in the correct direction (from right to left). Unlike
MAXCDA, AntConc has the problem of considering clitics as parts of the word. For example, when

searching for the word > [fasa:d/ ‘corruption’, the software excludes cases where the word is attached
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to clitics as > [?al-fasa:d/ ‘the corruption’, ¢ > Jwa-fasa:d/ ‘and corruption’, and * > [fasa:du-

hu/ ‘corruption-3'9Sg.M pronoun’.

Although MAXCDA is less problematic, the researchers use AntConc because it is a freeware
application. Furthermore, the flaws observed in AntConc do not influence the findings of the study, but
the researchers have to put in extra effort to analyze the data. During the discussion, the researchers

highlight the problems found in AntConc and provide possible solutions to deal with Arabic corpora.

4. Analysis

To approach the study objectives, AntConc provides a number of functions to analyze words and
phrases, including: Word List, KeyWords, Concordance, Plot, and N-Grams. These functions are used by
the researchers to examine the discursive practices of the study’s key terms: (/7isla:i/ ‘reform’, /fasa:d/
‘corruption’, and /?irha:b/ ‘terrorism”). The framework of our study is limited to a corpus-based discourse

analysis where frequencies, clusters, and keyness are investigated in their micro-contexts.

4.1 Word list

In the beginning of the analysis, the study generates word lists to count the frequencies of /?isla: i/
‘reform’, /fasa:d/ ‘corruption’, and ‘terrorism’ /7irha:b/ in the three analyzed periods. In the process, a
stop list is used to get rid of function words, pronouns, determiners, and conjunctions. Unfortunately, the
Word list tool is problematic when dealing with Arabic texts. This is because this tool does not consider
the noun attached to a clitic, a bound morpheme that has syntactic features of a word, viz.: the

conjunctions  /fa/ ‘so’, and /wa/ ‘and’, the prepositions /li/ ‘to’, and /bi/ ‘in’, and the definite article
( /?all ‘the’), the pronouns ¢’ /hu/ <3MS pronoun’ and ¢’ /hum/ ‘3MP pronoun’. For instance, when
searching for the term * ’[Pislazhl ‘reform’, the tool does not count instances of ’fwa-Pisla:h/
‘and reform’, ¢ > Nil-Pisla:h / “for reform’, and * > [Pal-Pisla: il ‘the reform’ because they are

treated as different lemmas or types. Moreover, the Arabic words for reform and terrorism have two

spellings because of the hamzzah /?/ which is written as ¢ °, or’’, and thus the different spellings of the
words (i.e., ¢ > and ¢ > [Pisla:p/ ‘reform’) are also treated as different lemmas by the tool.

However, these problems have been resolved by using wildcards (* ‘zero or one character’, ? ‘one
character’, and | ‘or’) or by doing advanced search and then manual calculations of the numbers.

Since the study compares three corpora with different sizes, it uses frequencies that are normalized
to a common base. Normalizing raw frequencies is important to compare accurately between corpora
(Biber et al. 1998). The common base of normalization can be set to one million or one thousand words.
This study normalizes the raw frequency counts of the terms reform, corruption, and terrorism in each
corpus by converting each frequency into a value per thousand words using the following formula:

Frequency per thousand words = (the frequency of the word + the number of the words in the
corpus) x1,000
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Figure (1) exhibits the normalized frequency of the terms reform, corruption, and terrorism in the

three analyzed corpora:

2.5

~. Before Uprisings

1.5

=During Uprisings

= After Uprisings

N
n

05 | 03— 20—
o L8

Reform Corruption Terrorisim

Figure 1: The normalized frequencies of the three observed terms pre-, during-, and post-Arab uprisings.

As Figure (1) shows, the occurrences of the terms reform, corruption, and terrorism in Jordanian
news articles have changed over the years. This is due to the political changes in the region as well as the
Jordanian agenda toward reform and against terrorism and corruption. In the pre-uprising corpus, the
normalized frequencies of the terms reform (.34) and corruption (.24) are less than the frequency of the
term terrorism (2.1). However, the normalized frequencies of the terms reform (2.5) and corruption (1.0)
are higher than the frequency of the term terrorism (.15) in the during-uprising corpus. In the post-
uprising corpus, on the other hand, the frequencies of the terms reform (.32) and corruption (.30) in the
news have decreased, whereas the term terrorism (2.5) scores its highest frequency. The changes in the
frequencies of the terms reform and terrorism and corruption imply shifts in political interests and media
attention during the three observed periods. Before and after the Arab Spring, the focus was on countering
terrorism, whereas a shift happened during the uprisings in which reforming and ending corruption were
the main concerns.

4.2 Keyword analysis

The next step in the analysis is to conduct a keyword list analysis in order to make sure that the
occurrences of the terms reform, corruption, and terrorism in the media are statistically significant in a
given time period; furthermore, this step also aims to determine important attributes and events that may
be related to the observed words. The Keyword list generally reveals words that are unusually frequent
(or infrequent) in a corpus compared to words in a reference corpus. Since this study consists of three
corpora, each corpus has a reference corpus consisting of the texts from the other two corpora. This
allows the identification of characteristic words in each corpus. The pre- and post-uprising corpora form a
reference corpus for the during-uprising corpus. The during- and post-uprising corpora constitute a
reference corpus for the pre-uprising corpus, while the pre- and during-uprising corpora form a reference

corpus for the post-uprising corpus.
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The measure of the Keyword list is known as the keyness strength, which is statistically measured
using Log-Likelihood (LL). Log-likelihood is a null-hypothesis significance test statistic, which has
related probability values (p-values). A keyness value of 3.84 or higher is significant at the level of
(p<0.05), while a keyness value of 6.63 or higher is significant at (p<0.01) (Rayson 2003). The
calculations of Keyness (LL value) depend on four numbers: the frequency of a word in the target corpus,
its frequency in the comparative corpus, the total number of words in the target corpus, and the total
number of words in the comparative corpus. The higher the keyness value, the greater the disparity in
frequency between the target corpus and the reference corpus (Rayson 2003). Table (1) below shows the

top 45 keywords, which have the highest keyness values in the three analyzed periods.
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Table 1: Keyword lists for the three investigated periods
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Table (1) displays words with the highest keyness values for each period. The discourse of
countering terrorism is detected before the Arab Spring. Words associated with the term terrorism have

high keyness value in the Keyword list analysis of the pre-uprising period, viz.: “/mus§ab
faz-zarqa:wi/ ‘Musab Al-Zarqawi’ (keyness: 668.113 for Al-Zarqawi, and 208.639 for Musab), ¢ ’
ltafdsizrat/ ‘bombings’ (keyness: 268.414 for /?al-tafdsi:rat/ and 138.015 /tafdsi:rat/), > [Pal-
ga:{ida/ ‘Al-Qaeda’ (keyness 316.457), and [?irha:bijah/ “terrorist’ (keyness 139.944). The
Keyword tool reveals words (¢ > ‘bombings’,’ > ‘hotels’, and ‘terrorism’) that are

associated with a series of terrorist bomb attacks on three hotels in Amman in 2005. To examine these

terrorist attacks, a concordance analysis using KWIC tool is conducted for the words ° > [fana:dig/

‘hotels’ and ¢ > ffundug/ “hotel’:

nyoed gl dbgindl IS6Y1 opinisg sy Ul gaixall (b Solge s oSl oy b L Lo Asy paddw doglzell gl 2 po 18 pimall o8 s
Luaio o woleg dalilpwl agelll Silpicil oty (a@s agiwell b Lazg 3pi0y Ul Gosslmll b lgazlgi lasally Jlaclll iz &
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G Ul yE Gl el o2l il il lac (pd deealaglil Silisallg Galial e o Lol gk dbpall Cusyb g o Jullpu] b zlell a5 o
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Figure 2: Some concordance lines of ¢ >'hotels'and < 'hotel' in the pre-uprising corpus

According to the concordance lines in Figure (2), the topics of the news items covering the bombing
attacks on the hotels vary between describing the bombing attacks, counting casualties, condemning the
bomber, discussing anti-terror and safety measures, and mentioning the socio-political impacts of the
attacks.

To observe the discourse of terrorism in the pre-uprising corpus, a plot analysis is carried out to

navigate the files of the news items containing the term ¢ > [7irha:b/ “terrorism’. Figure (3) shows

some of the files.
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Figure 3: Some files having the word ¢ > “terrorism’ in the pre-uprising corpus

The names of the files in the study corpora are similar to the titles of the news articles. Hence, Figure

(3) displays some titles associated with the term ° > [Pirha:b/ ‘terrorism’. The titles often refer to

terrorist attacks and consequences, the government’s measures to combat terrorism, and the public’s
condemnation of terrorism.
The Keyword list analysis of the pre-uprising period, also, refers to the discourse of war and conflict

in neighboring countries. Keywords like ¢’ /raza/ ‘Gaza’ (keyness 784.440), ° > [7isra:?ilif
‘Israeli’ (keyness 164.075), and ¢ > [Pal-Sira:q/ ‘lraq’ (keyness 472.255 for /?al-{ira:q/, and 128.500

for /7al-{ira:gijah/) have remarkable keyness strength indicating that conflicts in neighboring countries

strongly affect the media and political discourses. For example, the plot analysis of the word © ’° /yaza/

‘Gaza’ in Figure (4) highlights the conflict between the Palestinians and the Israelis and emphasizes the

strong relations between Palestine and Jordan:
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Figure 4: Some files having the word ©  * “‘Gaza’ in the pre-uprising corpus

Figure (4) reveals that Jordanian local news condemns Israeli attacks on Gaza and shows that the

Jordanian government and people support and stand by the Palestinians.
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In the discourse of terrorism and conflict, Jordanian news reports account for both the attacker

(¢ > [fal-ga:fida/ ‘Al-Qaeda’, and [?al-Pisra: ili/ “Israeli’) and the victim ( [?al-
fabrija:?/ ‘innocent’ (keyness 153.052), and  /raza/ ‘Gaza’) as the two have high keyness values in the

Keyword list of the pre-uprising period.

However, the discourse of countering terrorism is less significant during the Arab Spring as the
terms associated with terrorism have less keyness strength in the during-uprising corpus. Table (1) does
not display the term terrorism among the keywords which have the highest keyness values in the during-

uprising corpus. Furthermore, the plot analysis of the term ¢ > [Pirha:b/ ‘terrorism’ in the during-

uprising corpus displays that the term was often associated with terrorist attacks in neighboring countries

(i.e., Egypt) and anti-terror meetings and conferences. Figure (5) shows some examples:
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Figure 5: Some files having the word ¢ > “terrorism’ in the during-uprising corpus

However, the discourse of countering terrorism surfaces again few years later in the news. Words
related to the term terrorism have high keyness values in the Keyword list analysis of the after-uprising

period, viz.: ¢ > [Pat-tagruf/ ‘extremism’ (keyness 232.268 for /?at-tasruf/, keyness 159.805 for /wa-
vat-tatruf/, and keyness 130.281 for /7al-mutazarif/), ¢ > [?al-?irha:b/ (keyness 124.374 and 103.757
for /?irha:bijah/, and 119.811 for /?al-?irha:b/), ¢ > [dasil/ 1SIS’ (keyness 96.622). Figure (6)

displays some of the concordance lines related to the term terrorism:

301



Abushunar, Othman, Al-Shboul

2l sl gl ol aSal ploll S JB () 151 7 gloc dlgall ol I aula,

aabusall il 3hal go 3a¢ asbioly slgatul Il Salg 2016 polall olirsy i cusdg illy
pro 40 dloly Lazid 35 Jiks oo Spbusl willy palall Cudl WJgsibsl @8, daclall yb
Wt 40 dloly Lais 35 Jike e Syl willy bl sl Jguibus! a8yl anolall o
ailasl] o Gl ole jolail diusaiz caliai dgiol Aeha! o lgsii log S i
88k Jac 389 psuidg le gyl Jaz Sao o ol plal Jog aniull aly2ll

bl 5885 gb plasdll pacg JLoUI s yb ZinVl Culgill o BUkil , S puazy

s 8g ¥ o alii Slslly drawglll g il dahis b plosglll Shohi bl 53wy o
@alelly & il GlSLel guan Jh Yy o391 ol pJlaall Sy abhial day pally iphiilly
sall agioll Syl ain dalaiall dlacyl Jgul a5 aiblisg duisall Glaxly O a2ally
w2l ol el gy Sy aulay Ul abashl 01 15 Wyl il g prald] &) Linsg
wpll ol ehjgll gty 381 dulay)l adbasll 01 1b gl Wbill i jualdl &)Lisg
oy gl gollusll ol Gaiay Y il 2le3dl Y3s 10 Joll pliaall Ly

ialay paudl oMWt uall eiag ¥ ill 25le2dl Yad 1o Joll plaally Ly o

b @bl O1ic” g gigall Ol Joo @ Auslail dginall bl sie o] ol g1l

Figure 6: Some concordance lines of the word
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> “terrorism’ in the post-uprising corpus

Figure (6) demonstrates a new phase of combating terrorism in Jordan. Terrorists try to cause

instability and division, while Jordan fights terrorists and establishes effective partnerships against

terrorism. Moreover, the discourse after the uprising uncovers new terms associated with terrorism such

as ¢ > /dasil/ “1S1S’ and ©

> ‘Al- Qaeda’ is mentioned twice, while *

corpus. Figure (7) exhibits the occurances of ¢

> [Pat-tagruf/ ‘extremism’. The Concordance (KWIC) tool reveals that
> ISIS’ is mentioned 45 times in the post-uprising

> ‘Al- Qaeda’ in the post-uprising corpus.

7 3

Figure 7: The two occurances of

According to Figure (7), the term °

> ‘Al- Qaeda’ in the post-uprising corpus

> ‘Al- Qaeda’, in its two occurrences, collocates with the

terms ISIS and the USA, which indicates that it is no longer on the top of the Jordanian agenda against

terrorism. Figure (8), on the other hand, displays the concordance lines of ISIS:
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Figure 8: Some concordance lines of the term ‘ISIS’ * * in the post-uprising corpus

The concordance analysis in Figure (8) reveals that ‘ISIS’ is considered a major threat and that the
Jordanian government is making regional and global efforts to counter this terrorist organization.

Nevertheless, Table (1) demonstrates that the issue of terrorism was not the only challenge after the
Arab Spring. The Syrian civil war and the Syrian refugees were major concerns in Jordanian local news.
The words * > Nla:dsiZi:n/ ‘refugees’ (keyness 227.952 /?al-la:dsiZi:n/ for and 99.186 for /lil-

la:dsizi:n/), > [Pas-su:riji:n/ ‘Syrians’ (keyness 192.587), > [?a)-luhada:?” Martyrs’
(keyness 128.562), and ° > [Pal-ludgu:?l ‘asylum’ (keyness 97.829) have strong keyness strength.
Furthermore, the words ¢ > [2al-muxadirah/ ‘narcotic’ and * > [7al-muxadara:t/ ‘drugs’ have

high keyness values: 176.146 and 134.227, respectively. Figure (9) shows some concordance lines of the

terms ¢ > [?al-muxadirah/ ‘narcotic” and ¢ > [Pal-muxadara:t/ ‘drugs’.
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Figure 9: Some concordance lines of the words ‘narcotic’ and ‘drugs’ in the post-

uprising corpus

According to Figure (9), the battle against drug smugglers was a serious issue during the post-
uprising period. Drug trafficking was encouraged by regional challenges and the shared border with
Syria. However, Jordan conducted decisive operations targeting drug smugglers and dealers.

As for the discourse of reform and fighting corruption, the Arabic terms ¢ > ‘reform’ and
¢ > ‘corruption” is only remarkable during the Arab Spring corpus: ¢ > ‘reform’ ranks 8 (keyness
205.523), and ¢ > ranks 14 ‘corruption’ (keyness 175.417) in the Keyword list of the Arab Spring
period. Nonetheless, the two terms, * > ‘reform’ and * > ‘corruption’, do not appear as keywords

in the pre- and post-uprising corpora in Table (1). Furthermore, the context of reforming and fighting
corruption is mainly characterized by making changes in the government and the Jordanian law as it is

revealed by the keywords: ¢ > /ga:nu:n/ ‘law’ (keyness 185.259),” ’ /hajfa/ ‘commission’ (keyness
134.935), ¢ > [Pal-nuwa:b/ ‘representatives’ (keyness 177.192), ° > [Pal-Pintixa:ba:t/ ‘the
election’ (keyness 135.301), and * ’/madslis/ ‘board’ (keyness 144.495). Based on Table (1), these

changes can be the results of the public demands and requests as indicated by the keywords:

¢ ’Imaglab/ ‘demand’ (keyness 160.645 for /maylab/ and 95.536 for /?al-maglab/), ¢ > [Pal-hira:k/
‘mobility’ (keyness 146.137), and * /Pal-Pidra:bl ‘strike’ (keyness 148.477). To investigate this
issue further, a cluster analysis using N-Grams tool is conducted in the following section.

4.3 N-Gram analysis

The N-Gram shows clusters based on the search condition. It sum up the results generated in the

Concordance Tool or Concordance Plot Tool. The N-Gram is a powerful tool to uncover clusters and
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recurrent occurrences (Anthony 2014). Therefore, the study uses the following advanced search to locate

words that frequently reappear with the terms reform and corruption.

. Advanced Search — - (== .|
Search Term Words [] Case [ | Regex
& Advanced Search =[E] E
Search Term Words [T] Case [] Regex Use search term(s) frem list below
o L B% it Load File
Use search term(s) from list below L L
gt ¥ Load File T LA
o)
G EES, PELg -
e ( ,
B ] Use Context Words and Herizons
[7] Use Context Weords and Horizons Context Words
s
Context Horizon Context Horizon
From 5L = To 5R = From 5L = To 5R —
[ Apply ] [ Cancel ] [ Apply ] [ Cancel

Figure 10: Advanced searches used in the N-Gram analysis of the during uprising corpus

In Figure (10), the asterisk * is used to overcome the following problems:

a) The different spellings of Al-hamza /2/ <, <, and .

b) Arabic clitics such as < * /li/ “to’, © ” /bi/ ‘by’, and ¢~ [?al/.

¢) words that have the same root but differ in meaning as the proper noun > [sala:h/ ‘a proper noun’,
and the word * > [al-Pisla:hjal “prison’.

Moreover, the study uses the advanced search to look for clusters containing some tokens of the

observed words as plurals ° > [Aislazha:t/! ‘reforms’, adjectives ¢ > [Pislahil  Pislazhi’
‘reformist’, and /mufsid/ ‘corrupting’.

In our cluster analysis shown in Table (2), the study starts investigating different cluster tokens of

reform in the three analyzed periods, namely before, after, and during the uprisings.
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Table 2: Clusters of the term reform in the three corpora
Before the uprisings
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In Table (2), it is noticed that the most frequent clusters associated with the term reform before the
> [Pal-Pisla:h wa Pat-tashi:l/ (frequency 22)and *

uprisings are

3

> [Pisla:h wa

tazhi:l/ (frequency 9) ‘reform and rehabilitation’. The two clusters, however, carry the same meaning and

are not related to government reforms as observed in the concordance lines in Figure (11):
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Figure 11: Some concordance lines of ¢
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Slyal alell il ades sl )l plais ¥l GJ] 6 5juaiall

> ‘reform and rehabilitation’

Figure (11) displays that the clusters of reform and rehabilitation in the pre-uprising corpus are often

associated with prisons and improving prisoners’ occupational skills and solving their psychological

problems.
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The clusters of the term reform during the Arab uprisings, however, are greater in number,
frequency, and range, denoting the significant attention given to reform in the local news. The clusters of

¢ > [7al-Pisla:h wa Pat-tarhi:l/ ‘reform and rehabilitation’ has a high frequency (total

frequency 70) during the Arab uprisings. Nonetheless, the majority of the observed clusters in Table (2)

refer to political reform * ¢ [Pal-7isla:h Pas-sija:si/ (total frequency 84), comprehensive
reform ¢ > [?al-Pisla:h Pal-Ja:mil/ (total frequency 40), and economic reform
> [Pal-Pisla:h Pal-Pigtisa:di/ (total frequency 20). This may indicate that the Jordanian

government responded to the calls of protesters and took quick and practical steps to launch political and

economic reform processes. The concordance analysis in Figure (12) exhibits some of the concordance

lines of the term * > reform:
Jlacl @l 53lely Sy 3k gll ol Jlg dninall Slgally 3L slso s o)l lgie sl ig (ol asds Lo Sbalyl
dusasdl Slalally clyg clowl lpgs Sy Slilo duses cliituly sLuill | deilo dis ol g pisdly anayll aglill gl glad laykis
i Doz diibgll als g uals Ul pySmall jiuw b 3Lsa) il 21t (o)l lgligati b o) il dusazdl Slalally cljg
bl &1l gl il sl plmall o) il Lol oLl ol A ) ey fsdsall st sl 3L g ol
loill pulza )13l o ye3 oo Wl ol il sLuill | sblio din ol aplill gasdll gl Clile Jygnd yaguasig <
e Olgill gulzs gy, 181 -(4i) ilill gil8 26 glac 3Ll xilSo 2t ulze clircly sy il et )l fipdze
o-(h) ol oils 24 plac aplull Slyadl disd Gatly olusll | Eslie Al Ll fle
Jso 555 ol s o) gl ol iy amns L)l @bl 2 uloe gy 351 53 0 Lo ga-ll) il
o) ilill gils 24 lac auluill Sl dizd il 3L axslin diss yulzo fiplze
Joo 5ol pluatr ol Al gl gigpwaws oLuill Euslie Al sty 351 Bl ol g (h) il
635l @ clay I ol gy o sic il dinaly b 5Ll ilSo i ulze y5-(hi) 1378 glac plsdl el syl I
gty bagiy |« 31 3Lass Llins Aol dalall D13 05 3L slsio s b 15 LaS . el Wl . olgill ulzo Ji5 5o
(i) gl ity joll) Jlall Cap @€y ilo Alls] olusll | sl ds gl 15 -(hE) 15T 19 glac alsdl Loy rag Lgplo]

agiiall ptg daiiall Jlgolll oo (brazill jall ] 45 3Lsi) EilSe s julss g . Jaall 850 B3] e s i

Sl Clgill ulses sy 151 (1) alil] 5il8 26 lac 3L dneilso dn il cliacly o)y (il (et Al sl
cganall wiillsg el il gulelell Algull Gibigag gulolall ailacly 3Ll wlSo @ ulne sy o] (pitall El6ll yieg hyull Cilgs
Figure 12: Some concordance lines of the term > reform in the during-uprising corpus

Figure (12) highlights other frequent words appearing with the term reform such as ©  ’* /ma:din/
‘keen’, > [Pal-isra:§/ ‘accelerating’, © ’ /dsa:dah/ ‘serious’, ¢ > [7as-sajr quduman/
‘move forward’, and > Ixuguwa:t wa:eigah/ ‘confident steps’, indicating that reforming was an

urgent matter and a priority during the uprisings.
The frequencies and the ranges of the clusters of the term reform after the Arab uprisings are lower
than they were during the uprisings. As observed in Table (2), the clusters of reform after the uprisings

are: ¢ > [Pal-Pisla:h wa Pat-tarhi:l/ ‘reform and rehabilitation’ (total frequency 19), ¢
> [Pal-Pisla:h Pas-sija:si/ “political reform’, ¢ ’ [?al-Pisla:h ?al-Ja:mil/ (total frequency

10) ‘comprehensive reform’; and ° > [Pal-Pisla:h ?al-Pigtisa:di/ ‘economic reform’ (total
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frequency 6). Figure (13) shows some concordance lines of the term ° > reform in the post-uprising
corpus:
oo 10 gzl (pelaz 2lg) Jiz athil $gaily iBlaall ps ol She 24 pguiall Joitie aii gais damazll gl Bso ol
(asll e oolall i lifiol) Ayl guar Joads po ol sSlhe Sadl @apall Jlgelll 1oy o agSall Sad ol Lisie
)~ gaizall g pgzles] Bale] glocl @lell So3 yaleally Junlilly Loyl jShe Uil pelaizly pubi Jusl aoly 115 o) d6LaYl <gilall
lgaS (b Log Aiclaizll dley)l Slog Cingall casbsilly Jnlilly 2oVl 8he wisle"s Lol islll (risd @ilig aililly gt Lglis
b lgic @3y Vg Bpaiuis dllall @l losgin il 2oVl Byias ol ol Lids gianl Aghute (o dibgll Sty SlaiSall
b anmilly ayyly apwlill gill jo3 Jimidg abhianlldlally Lol Byiis fai b aga o3G5l fapio of )7 dagSal
gl o385 . il dlle cllall Nz lasghy il Joladl  poll Bprais acos Aibgll LLadll doss b graidly gladll dslslg « giwll

ol Ll " il alllus ellall @M 015, il Jolil ete 2505 Jladinl gy dxball Guol (b ¢ ByuiS g Byuis

o

oo/l Fllol Bytute oe OlLall 351 b aumall &) Liwall Jimai Jus sl
Apwlnall el e 131 - (i) wilill )eils 6 plac bhiasll s Byt Fuay il ogils B A/ pdsee
Raaz> gl §ylall slaniul 138 4s doluiuall aailll Gzl pehilly Lol aulac b Avwlul @iy JSuiy olglly el SUCYl ol Slagds
Figure 13: Some concordance lines of the term ¢ > reform in the post-uprising corpus

According to Figure (13), the term reform after the uprising was often associated with reform and
rehabilitation centers. It also reveals that the process of comprehensive reform was still going on after the
uprisings.

Since the frequencies of the term corruption are not significant before and after the uprisings (Figure
(1)), the study examines the clusters in the during-uprising corpus and ignores the analysis of the other
two corpora. Table (3) displays the cluster tokens of corruption:

Table 3: Clusters of the term * > corruption in corpus of the uprising period

#Total No. of Cluster Types: 365
#Total Mo. of Cluster Tokens: 515

1 le 15 otulilly alwdll
2 10 10 poow 3lwdll #Total MNo. of Cluster Types: 161
3 10 9 b lwill #Toctal Neo. of Cluster Tokens: 515
4 8 8 glas  oluill 1 110 61 dlwill Ixilsa
5 7 4 Liaday olaildl Z ﬁg ?3 Alwildl o laay
g 5 5 -y Y oa T £ dlm a0 & syl=ea
7 5 5 P : C 4 18 15 Almi 1l A= 3LE gy
Lrolasy Slail 5 16 15 Gt L i1 g 3 Lladll
8 4 4 Olas Jlwi i 5 13 13 3w s olg i
5 4 4 ladl alui i 7 13 11 Slwill A ilSal
10 4 4 Otoia Iy alaidll B8 11 10 alwmill Lalas
11 4 4 26%y alaill g 11 8 Almill olala
2 4 4 Osd alawi 10 9 1 Almill Jl= 3
13 ‘1 1'-1 3 alms 11 g g al il -I__‘_"l'hu_t
14 4 4 I:I,_ 5 alas 12 g 8 Almd I dm 2l S o s
15 3 3 _d'l . R 13 o B almd g i
N 14 g g Alwill Ge
le 3 3 Lipma s'_'\..'._nj'_i_l' 15 7 7 Al i1l e
17 3 3 J'J:'_;.' v oalwdll 16 7 7 Godm il Taimla ag
18 3 3 Lop el aluwill 17 7 4 O—dwl 810 323l ag
19 3 3 L% aLlwidli 18 3 3 ADlawd 1l T yloeanl
20 3 3 Gl 3 lwill 1% 4 4 Chsdat Ga 10 g 3 Lo 10
21 3 3 pasll Ll 24 4 4 et Lpas
o P i — 21 4 4 Alwill 5 yslbh
R Re-vtveri S B el el
z Lodo o Lusd 23 3 3 Slwill JLSE
24 3 3 e alwill 24 3 3 Alwill g plhlf
25 3 3 1oSlaeay dlwill 25 3 3 3laali y Las s
ol a a - - - 1 - - - - - " " -
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In Table (3), less reference is made to the type of corruption (i.e. economic, political, or financial),

while greater emphasis is given to the actions related to ending corruption (¢ > /mukafaha/

‘combatting’ (total frequency 150), > Imuha:raba/ ‘fighting’ (total frequency 85), and ° ’

bl

/muha:saba/ ‘prosecuting’ (total frequency 12). Furthermore, the concordance analysis of the term

corruption reveals that the term corruption was often associated with the Jordanian Integrity and Anti-

Corruption Commission.

Jlacl alua 53lel Sl gylall ol Jlig dumizall Slgmllg s

dzbllo dius ol lgie yasll Jig=d (il anss Lo Sbaldl
dzilie dlie ol g sl sy Ml dnlill gua=ill glz) ey ki il

Sluwal

@Sy dnzns; dsiball pl5)Vlg «uals 115 pgSmall i ipa Slad) dslin o ol lplygsi aly ol (il duiazll Glalally clyg

il gyl ol ol zusgl laall gy anwill Lelg R
wlgill pulze jlgal e 353 e Yylid sl wiils
payslle Glaill gulze Gugy 351 -(Lin) il 5il8 26 lac

o) pilill 3l 24 plac awliill L=l aisd il

dzblSe dln il alop fgangall Jagmd pluws slud agui gl
3l dzilie dlia Ll dylill gasill ol Clale Jigwi joguag il
3lusal dzalio il ulze chacly guiy paily (racall fiplze
sleaal

doblio alis yuloe /iplos

Jo> g8 @yl aluuli al diagll ol giy prasw 3Ll dilia dLe ulze k) 151 -5 sl jale Ga-(,Dy) Gildll
oo-(ia) ilill oilS 24 lac dpliill Dol el izl piily
o> 6y @l Lt o) atagll o 5iss e

a5l Al clanll guol pgs aic il aiuls (b

s l8e Gl ulze fplie

3lusal

G680 alie ulzs gy 15T -8l yalo go-(lL) alill

3lual

domilie s julos y5-(hi) 41318 plac alall eyl (I

Sluwal

lgstass byl v 331 3lass Ulins ol Gudadl D13 b il dn pulme 35 LeS . cls Wl Llgill pulze L5 o

Sluwal

(lify) 5Sewll] jlaitatlls ,1a0l) Jladl Capy @575 calo @l dalin s ulzs 5 (D) 13119 glac alall loys1sg lgj 1]

slual

dgiiall pcg algiiall Jlgoll ile (aasill el clil] 5
prylne Olgill pulzo gy 381 -(4) Gl o gilS 26, Lac

dcgazall il golieiy Guill pulelsll gl akigag gulolall ailacly
Figure 14: Some concordance lines of the term ¢

sluwal

dzblio dlin julze By . Jgall dSpi 8ylo] e yhywi lity
Sluwal dzai o dlus julzo cbacly puddy il gt allf e
slual

dmolSa dlie julzs g galelell gusall glaadl yuteg ol all Slgs
> corruption in the during-uprising corpus

Based on Figure (14), Jordanian Integrity and Anti-Corruption Commission played a vital role in

combating corruption and prosecuting people who committed acts of corruption.

5. Discussion
The study is in line with previous research highlighting the close connection between politics and the
media, viz.: Almeida (2011), Haider (2017), Kim (2014), and Yu et al. (2021). Newspapers play a major
role in documenting and depicting political and social events. The analysis of news reports detects
changes in government policies regarding the three investigated issues (reform, corruption, and
terrorism) before, during, and after the Arab Spring. The findings display that before the Arab Spring
Jordan suffered from Al- Qaeda’s terrorist attacks and was affected by wars and political upheavals in
neighboring countries. Therefore, the Jordanian government focused more on combating terrorists and
keeping Jordan safe than making sociopolitical reforms and facing corruption. During the Arab Spring,
however, the study analysis indicates that the Jordanian government managed to control the unrest, and
protesters were appeased by taking steps toward political and economic reforms and against corruption.

After the Arab Spring, the study analysis reveals new challenges, such as the problem of Syrian refugees,
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ISIS threats, and drug smuggling. Therefore, fighting terrorism and preventing drug smuggling became
the government’s priority.
The study detects some problems with the software AntConc when dealing with Arabic corpora. The

tools in AntConc treat Arabic words attached to a clitic (i.e., /wa/ ‘and’, /li/ ‘to’,and /?al/ ‘the’, and
others) as different lemmas. Hence, they do not count the word (i.e., ©  * /fas:d/ ‘corruption’) when

attached to a clitic. Another problem, the tools consider some Arabic words which have more than one

form as different lemmas. For example, the term reform is often written as ¢ >or ¢ >. The tool,
however, does not normalize the hamzah /?/ and consider ¢ >and > as two different words.
6. Conclusion

This study employs corpus linguistics and critical discourse analysis to investigate the ways in which
the terms terrorism, reform, and corruption are constructed in the Jordanian media. For the term
terrorism, the study shows that the discourse of countering terrorism is evident in the local news only
before and after the Arab Spring. The frequencies of the term terrorism in the pre- and post-uprising
corpora are higher than the frequency of the during-uprising corpus. However, the findings detect
different parties and challenges associated with combating terrorism before and after the uprisings. For
example, Al- Qaeda was the main threat in the pre-uprising period, while ISIS was the main terrorist
threat in the post-uprising period. The analysis also finds that wars and political instability in neighboring
countries affect the news and political discourse. As for the terms reform, and corruption, the analysis
displays that they were powerful themes only during the uprisings. The frequencies of the terms reform,
and corruption in the during-uprising corpus are higher than the frequencies in the pre- and post-uprising
corpus. During the uprisings, Jordanian local news often highlighted political, economic, and
comprehensive reforms and covered many news stories related to combating corruption. The study
concludes that news discourse is a good way to investigate political practices during critical periods. The
study recommends further analysis of the Jordanian media as little research has been conducted. It also

invites researchers and programmers to develop or improve text analysis applications for Arabic corpora.
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